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i) Yihong Wu and Pengkun Yang, “Minimax rates of entropy estimation on
large alphabets via best polynomial approximation” arXiv:1407.0381

ii) Jiantao Jiao, Kartik Venkat, Yanjun Han, and Tsachy Weissman,
“Minimax Estimation of Functionals of Discrete Distributions” arXiv:
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(1995), pp. 301-369.
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